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 A number of papers have argued that the prices listed on Intrade for presidential election 

futures contracts can be interpreted as the probability that a candidate will be elected president in 

an upcoming election (Wolfers & Zitzewitz 2004, 2006). This paper uses this premise as a 

foundation for analyzing the economic and non-economic factors that drive outcomes in 

presidential elections. The idea that economic factors drive presidential elections has a long 

history in economic research (Fair 1978). However, in the absence of real-time, observable 

variation in the probability that a candidate is elected, much of the justification for this 

proposition has either been theoretical or predicated on the notion that since economic factors 

effectively predict presidential outcomes such factors must have a direct impact on election 

outcomes. The idea that non-economic factors like voter sentiment drive election outcomes most 

likely dates back to the invention of Democracy. However, it seems that most often the 

relationship between non-economic factors and outcomes is presumed rather than based on any 

sort of rigorous analysis. Despite the fact that Intrade has existed for the 2004, 2008, and 2012 

American elections it seems that no one has yet to use the real-time variation in Intrade prices to 

assess the factors that drive presidential election outcomes. The purpose of this paper is to 

demonstrate an initial attempt perform such an analysis. 

 I use data on the Intrade price of a contract providing one-dollar if President Obama won 

the 2012 election and nothing if President Obama lost. For an economic factor I use the 

unemployment rate at the beginning of a given month. As a non-economic factor to pick up voter 

sentiment I use the Gallup President Obama disapproval rate at the beginning of each month. 

Since the variation in the factors is monthly, I use the closing price of an Obama futures contract 



at the beginning of each month as the dependent variable. I analyze the vector-autoregressive 

(VAR) model: 

 (1)  

where  is the vector containing the Obama price, the Gallup Obama disapproval, and the 

unemployment rate at time t. Note that my exploratory analysis has indicated that adding 

additional lags to the equation above contributes little to the analysis. 

It is well known that in working with time series data with higher orders of integration 

that cointegration can lead to spurious regression results for equations of the form specified in 

(1) (Watson 1992).  Let op represent the Obama price, gal_od represent the Gallup disapproval 

rate, and up represent the unemployment rate. Although Johansen (1995) has asserted than when 

using the Johansen test to establish the cointegrating rank it is unnecessary to test for unit roots 

in the individual time series directly, for didactic purposes I performed the following Dickey-

Fuller tests: 

 

 

 

 

 

 

 

 

 

 



Table 1: Dickey-Fuller Tests 

Dickey-Fuller test for unit root                   Number of obs   =        45 
 
                               ---------- Interpolated Dickey-Fuller --------- 
                  Test         1% Critical       5% Critical      10% Critical 
               Statistic           Value             Value             Value 
------------------------------------------------------------------------------ 
 Z(t)             -2.101            -3.614            -2.944            -2.606 
------------------------------------------------------------------------------ 
MacKinnon approximate p-value for Z(t) = 0.2440 
 
. dfuller gal_od 
 
Dickey-Fuller test for unit root                   Number of obs   =        45 
 
                               ---------- Interpolated Dickey-Fuller --------- 
                  Test         1% Critical       5% Critical      10% Critical 
               Statistic           Value             Value             Value 
------------------------------------------------------------------------------ 
 Z(t)             -5.114            -3.614            -2.944            -2.606 
------------------------------------------------------------------------------ 
MacKinnon approximate p-value for Z(t) = 0.0000 
 
. dfuller up 
 
Dickey-Fuller test for unit root                   Number of obs   =        45 
 
                               ---------- Interpolated Dickey-Fuller --------- 
                  Test         1% Critical       5% Critical      10% Critical 
               Statistic           Value             Value             Value 
------------------------------------------------------------------------------ 
 Z(t)             -1.177            -3.614            -2.944            -2.606 
------------------------------------------------------------------------------ 
MacKinnon approximate p-value for Z(t) = 0.6834 

 

I am only able to reject the unit-root hypothesis for the gal_od variable. Thus concern about 

cointegration seems warranted in analyzing (1).  

 It is well known that (1) can be represented as: 

(2) ∆ Π Γ  

where Π  and Γ  and that if Π has reduced rank  where r is the 

number of cointegrating relationships then there exist n x r matrices a and b such that Π ′ 

and ′  is stationary (Hjalmarsson and Osterholm 2007).  The equation in (2) is as vector-error 

correction model (VECM) which, when the cointegrating rank is known, can be used to perform 

statistical inference with models of the form in (1).  



 The Johansen test (Johansen 1988, 1991) can be used to estimate the cointegrating rank. 

Table 2 contains the Johansen test for op, gal_od, and up. 

Table 2: Johansen Test 

                       Johansen tests for cointegration                         
Trend: constant                                         Number of obs =      44 
Sample:  3 - 46                                                  Lags =       2 
------------------------------------------------------------------------------- 
                                                         5% 
maximum                                      trace    critical 
  rank    parms       LL       eigenvalue  statistic    value 
    0      12     -193.81975           .     32.8303    29.68 
    1      17     -181.82687     0.42023      8.8445*   15.41 
    2      20     -177.66676     0.17229      0.5243     3.76 
    3      21     -177.40461     0.01185 
------------------------------------------------------------------------------- 

 

the test confirms a cointegrating rank of one. Using this cointegrating rank, I employ the VECM 

procedure outlined above, the results of which are contained in Table 3: 

 

 

 

 

 

 

 

 

 

 

 

 

 



Table 3: Vector-Error Correction Model 

Sample:  3 - 46                                    No. of obs      =        44 
                                                   AIC             =  9.037585 
Log likelihood = -181.8269                         HQIC            =  9.293228 
Det(Sigma_ml)  =  .7797566                         SBIC            =  9.726931 
 
Equation           Parms      RMSE     R-sq      chi2     P>chi2 
---------------------------------------------------------------- 
D_op                  5     3.16032   0.3286   19.08602   0.0019 
D_gal_od              5     2.29065   0.3565   21.60529   0.0006 
D_up                  5     .152081   0.3905   24.98965   0.0001 
---------------------------------------------------------------- 
 
------------------------------------------------------------------------------ 
             |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
D_op         | 
        _ce1 | 
         L1. |   .0198702   .0054288     3.66   0.000     .0092299    .0305105 
             | 
          op | 
         LD. |  -.0993865   .1758812    -0.57   0.572    -.4441073    .2453343 
             | 
      gal_od | 
         LD. |   -.273548   .1705937    -1.60   0.109    -.6079055    .0608094 
             | 
          up | 
         LD. |  -8.407481    3.01225    -2.79   0.005    -14.31138    -2.50358 
             | 
       _cons |  -.1697735   .5239521    -0.32   0.746    -1.196701    .8571538 
-------------+---------------------------------------------------------------- 
D_gal_od     | 
        _ce1 | 
         L1. |   .0073176   .0039349     1.86   0.063    -.0003946    .0150299 
             | 
          op | 
         LD. |  -.0385346   .1274815    -0.30   0.762    -.2883937    .2113245 
             | 
      gal_od | 
         LD. |  -.3752642    .123649    -3.03   0.002    -.6176118   -.1329166 
             | 
          up | 
         LD. |   5.013957   2.183326     2.30   0.022     .7347161    9.293198 
             | 
       _cons |   .4673118   .3797688     1.23   0.219    -.2770214    1.211645 
-------------+---------------------------------------------------------------- 
D_up         | 
        _ce1 | 
         L1. |   .0009233   .0002612     3.53   0.000     .0004113    .0014353 
             | 
          op | 
         LD. |  -.0040348   .0084638    -0.48   0.634    -.0206235    .0125539 
             | 
      gal_od | 
         LD. |   .0114224   .0082093     1.39   0.164    -.0046676    .0275124 
             | 
          up | 
         LD. |    .017511    .144956     0.12   0.904    -.2665976    .3016197 
             | 
       _cons |  -.0500121   .0252137    -1.98   0.047    -.0994301   -.0005942 
------------------------------------------------------------------------------ 



 
Cointegrating equations 
 
Equation           Parms    chi2     P>chi2 
------------------------------------------- 
_ce1                  2   27.66956   0.0000 
------------------------------------------- 
 
Identification:  beta is exactly identified 
 
                 Johansen normalization restriction imposed 
------------------------------------------------------------------------------ 
        beta |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
_ce1         | 
          op |          1          .        .       .            .           . 
      gal_od |  -15.02224   3.214407    -4.67   0.000    -21.32236   -8.722114 
          up |  -65.11032   27.49951    -2.37   0.018    -119.0084   -11.21228 
       _cons |   1224.494          .        .       .            .           . 
------------------------------------------------------------------------------ 

  

The results in Table (3) follow a very interesting pattern. As efficient market theory 

would predict, in the first panel the lagged difference of op does not affect the time t difference. 

The panel 1 lagged difference of up is significant at the 1 percent level suggesting that an 

increase in unemployment was associated with a reduction in the probability that President 

Obama was re-elected. The lagged difference of gal_od approaches significance at the 10 percent 

level and suggests that an increase in the President’s disapproval rating was associated with a 

decrease in the probability of his re-election. The second panel shows a negative and significant 

relationship between the difference in gal_od and its lagged difference. It also indicates a 

positive and significant relationship between the difference in gal_od and the lagged difference 

in unemployment. Finally, none of the lagged difference factors are significant in the 

unemployment equation in the third panel. 

The results indicate a fascinating pattern. Both economic underperformance and negative 

voter sentiment seem to have been associated with reductions in the probability that the President 

was re-elected. The second panel results indicate that polling results may be subject to 

momentum effects. Also just as one would expect, increases in unemployment are associated 



with increases in in the President’s disapproval rate. Finally, none of the lagged-differences 

affect unemployment which is consistent with the intuitive premise that large-scale 

macroeconomic phenomena like unemployment are not determined by the forces that determine 

polling results and the President’s price on Intrade. 

Although equation (1) is clearly a reduced-form VAR which belies casual inference, the 

consistency of the results does, in my opinion, suggest an underlying pattern of causality. With 

this approach as a foundation, I believe future analysis may be able to isolate a causal 

relationship between these factors and the probability that a President is re-elected. These results 

also suggest that it would be fruitful to perform the same analysis using data from the 2004 and 

2008 elections. 

 

 

  

 

 

 


